%21 | R Vol.39 No.2
2011 4E 2 H ACTA ELECTRONICA SINICA Feb. 2011
2%V IR 2% 15 45 > 3 25 N
A ST ik 25 Mg o R R A R A B
B HEL v
e FLAE B s i b v H
kW MR,
(W3R LA KT LR 2 S AR 22 B, B2 e VT JREE 150001 )
W OE: XU MR R A P E S R AR B T B —  WFEARE L HS &, R

B RCEIERT T PR B UE B , 45 HaE R AR 3R — P SR BRI & 0 8 B /e B AN S IR B0 iF 2R 1 % B
GG RIF A M A E , B R R 4 2 R
KW IR AW S BAaKES
FESES:  TP301 XHERtRIAE: A

MEHFS: 0372-2112 (2011) 02-0378-05

Effectiveness Analysis and Application in Data Streams of Cross
Validation Noise-Tolerance Classification Algorithm

ZHANG Jian-pei, YANG Xian-fei, YANG Jing
( College of Computer Science and Technology , Harbin Engineering University , Harbin , Heilongjiang 150001, China )

Abstract:

classification problem. According to sample complexity theory, cross validation noise-tolerance classification algorithm validity was

Cross validation noise-tolerance classification algorithm is an important method which deals with noisy data set

proved and applied conditions was given. And noise-tolerance data stream ensemble classifiers was proposed in this paper. Theory

and experiment indicated, in contrast with tradition cross validation noise-tolerance classification algorithm, this method had more

prediction accuracy .
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